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Figure 7.12  Standardized Residuals From Body Mass Index and Diabetes Analysis

Variables in the Equation
B SE Wald df p Exp(B) 95% CI for Exp(B)

Lower Upper

Step 1
BMIc 0.092 0.003 1,013.633 1 .000 1.096 1.090 1.102
Constant −3.071 0.037 6,872.776 1 .000 0.046

Step 2
BMIc 0.169 0.008 415.291 1 .000 1.185 1.165 1.204
BMI2 −0.003 0.000 98.678 1 .000 0.997 0.997 0.998
Constant −3.470 0.056 3,789.292 1 .000 0.031

Step 3

BMIc 0.183 0.015 145.901 1 .000 1.201 1.166 1.238
BMI2 −0.004 0.001 15.016 1 .000 0.996 0.995 0.998
BMI3 0.000 0.000 1.267 1 .260 1.000 1.000 1.000
Constant −3.515 0.070 2,517.835 1 .000 0.030

Table 7.3  Relationship of Body Mass Index and Diabetes

Logit(Ŷ) = �−4.125529 + 0.298676(BMIc) −  
0.009354(BMI2) + 0.000097(BMI3)              (7.9)

Procedurally, creating predicted logits and conditional probabilities when looking 
at curvilinear effects is no different than for OLS regression. In this case, recall that 
we centered BMI at 20, and so 0 will be a BMI of 20, and any increment of ±1 will be a 
change in BMI of 1.0 (i.e., we did not convert to z-scores). Furthermore, as discussed 
in Chapter 6, I encourage readers to convert predicted scores from logit to conditional 
probability for easier interpretation. I will demonstrate why now.




