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reported in Chapter 5, except that we will use GRADUATE (whether a student in the 
initial eighth-grade sample was retained through graduation in twelfth grade, coded 0 
if the student did not graduate and 1 if the student graduated high school) as our DV 
and socioeconomic status (zSES) as our independent variable. In this sample, 1,477 of 
16,610 students (8.9%) failed to graduate.

As discussed above, one key question in science is whether the findings of any 
given study are an accurate estimate of the population parameters. In the examples 
below, we are going to explore the volatility of two different analyses: one based on 
small (N = 100) samples and another based on much larger (N = 500) samples. In 
both, we will use a variable we have used repeatedly through prior chapters: SES 
(converted to z-scores). In the full sample of N = 16,610, which we will refer to as the 
known “population,” SES has an OR of 2.83 when predicting retention and graduation 
in high school. We will use this as the “population estimate” or gold standard for com-
parison with other analyses. A priori power analyses for these upcoming examples 
should be 0.85 when N = 100, and 0.999 with N = 500. To demonstrate how volatile 
results can be when samples are small, even when power is relatively good, I drew 50 
random samples (with replacement between each sample) from the larger sample and 
analyzed each separately.

Given that most samples were relatively small compared with the size of the “popu-
lation,” the probability that a single individual influenced more than a single analysis 
was relatively small, even in the N = 500 condition. Thus, the samples are plausibly 
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Figure 15.3  How the Proportion in Y = 1 Affects Power




