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explored the simple interaction between the categorical variable RACE and the contin-
uous variable zSES in the previous chapter. Of course, this model of interaction between 
categorical IV and continuous IV generalizes to the curvilinear interaction model with 
one caveat: we can only explore curvilinear effects with continuous variables.

Let us turn to our Natality data set from the US Centers for Disease Control 
and Prevention for a change of pace. In this example, we will predict birth weight 
(BIRTHWT) for infants at full term (38–40 weeks of gestation) as a function of two 
variables: the amount of weight the mother gained during pregnancy (zMOMWT, 
converted to z-scores) and RACE (coded 1 = White, 2 = African American/
Black, 3 = Native American/Alaskan Native, 4 = Asian/Pacific Islander).3 RACE 
was dummy coded with White as the comparison group, African American/Black  
as Dum1, Native American/Alaskan Native as Dum2, and Asian/Pacific Islander as 
Dum3. Thus, our table of cross-products looks like what is presented in Table 10.5a.

3	 Hispanic ethnicity was coded as a separate variable in this data set. For simplicity, and because this is just 
a procedural demonstration, that variable was not included in the analysis. This is also a good time to 
remind all readers yet again that in performing these analyses, I did not take into account any sampling 
and weighting, so the results should not be interpreted substantively.
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Figure 10.1e  �Curvilinear Interaction Between Achievement and Socioeconomic Status 
After Data Cleaning

SOURCE: National Education Longitudinal Study of 1988 (NELS88) from the National Center for Education Statistics 
(http://nces.ed.gov/surveys/nels88/).




