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In Table 5.5, we instantly see that when we use the continuous variable zACH 
instead of the binary achievement variable (ACH_LOHI), we have a stronger change 
in −2LL (1,491.38 versus 933.81 in the previous example). This in itself is a testament 
to the value of keeping continuous variables continuous. With a significant improve-
ment in model fit (we can reject the null hypothesis that the change in model fit is 
zero), we can now look at the effect of the variable in the equation. Although the 
change in model fit for the continuous variable was substantially stronger than for the 
binary version of that variable, you can also see that the effect appears smaller—which 
is why many researchers lean toward binary IVs. They inflate the apparent effect size, 
but in reality are creating a substantially inferior model (as measured by improvement 
in model fit when the variable is entered into the equation). The slope for achieve-
ment is 1.359 (much less than the binary variable); remember, this is the effect for an 
incremental change of 1.0, and there are about four increments in this IV, whereas 
there was only one in the binary example. The OR looks relatively small as well (3.89 
versus 7.85), but consider the following: would you rather have one increment of 7.85 
or four increments of 3.89? As you can see in Figure 5.3, it is not a trivial difference.

Some Best Practices When Using a Continuous 
Variable in Logistic Regression

There are some good reasons to convert continuous variables to the standard normal 
distribution (z-scores) as a standard practice. First, you will see in later chapters that 
this will be a necessary step when we explore curvilinear or interaction effects. But 
more relevant at this point is the fact that effect sizes in logistic regression (like an OR 
or unstandardized regression coefficient) are based on an increment of 1.0 in the IV.  
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Figure 5.3  �Comparison of the Effect Size of Binary Versus Continuous Independent 
Variables




